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Relation Links Extracted Approach Based on Blocking Links
WANG Fang,YU Hao,TAN Hong-ye,ZHAO Tie—jun
(Machine Intelligence and Translation Laboratory,Department of Computer Science and

Technology ,Harbin Institute of Technology,Harbin 150001 ,China)
Abstract: There are lots of hyper links in a web page,including relation links and“noisy” links.A novel approach is
proposed to extract relation links from page based on link block in this paper.The approach is composed of two steps.
Firstly,a web page is partitioned into lots of blocks according to HTML tag <table> in a web page.Then links are
extracted from blocks and lots of link blocks are gotten.Secondly,relation link block is obtained by using rules.For
instance,relation link belongs to one block and their anchor text has common words with title of current page where

relation link is located.The result of experiment shows that the method is effective,with above 85% precise rate and

about 70% recall rate.
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LinkBlock(x) :x is link block (1)
Link(y):y is link (2)
Attribute (x,y) :y 2 x BB ¥EE (3)
M 1

For each Link(y) in LinkBlock (x),IF Attribute(y,Len)<10 than

count++;
IF the value of count greater than 2,Then = RelationLink(x)

Mu 2

For each Link(y) in LinkBlock(x),IF Attribute(y,LT) is TRUE,
Then = RelationLink(x) ;

M 3

For each Link(y) in LinkBlock(x),IF Attribute(y,LU) is TRUE,
Then =y RelationLink(x);

4
For each Link(y) in LinkBlock (x) ,Sum+=Attribute(y ,NUM ),

count++;

IF Sum/count Less than T,Then = RelationLink(x);
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1.Words of page title segmentation and initialize array Even

2.For Each Link Block
{ Sum=0;// Save the sum of the value of all links’ NUM in current block
Count=(;// Save the number of links in current block
Second=False; |

For each link in current Block

{
Calculate the values of variables Len,LT,LU and NUM of link

H(LT is True | LU is True Il (Len<10&&Second)) // Using rules 1,2,3
~ Then { Sum=0;Count=1;Continue;}
Else
IF (Len<10) Then Second=True;
Else { Sum+=NUM ;++count;}
}

Save the value of Sum/count into Even [i];

}

3.Select the max value from array Even and is as Even[Max]

4.IF Even[Max]>T Then It is Relation block // using fourth rule
Else The page has no Relation block
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