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Hyperlink Algorithm Based on Anchor Texts Similarity
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(Department of Computer Science and Engineering , Dalian University of Technology,
Dalian 116024, China)

Abstract: The application of link analysis to search engine for ranking search results is studied,
and anchor text is used to rank again and give proper evaluation of importance of each page. The
results show that it can improve searching quality to a certain extent.
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On-line Chinese Character Recognition Based on
2-classifier Combination

ZHENG Zhen, KANG Yao-hong
(College of Information Science & Technology, Hainan University, Haikou 570228 ,China)

Abstract: The method proposed is based on 2-classifier combination, Firstly the whole features
and the strokes features are extracted from the input Chinese characters. During the recognition
of single character, GA-BP neural network based on stroke classifier is used as a primary tool to
recognize the Chinese characters. But if the words written by consecutive and metamorphic
strokes cause the exclusion to appear unexpectedly, HMM based on whole classifier is introduced

to improve the whole recognition rate.
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