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Research on Algorithm for Handwritten Character
Recognition

GAO Liang , WU Jian-guo , LU Ying , CHA Shou-li

(Ministry of Education’s Key Laboratory of Intelligence Computing and signal Processing, Anhui University, Hefei 230039)

Abstract: Introduces the basic principles of pattern recognition, the recognition to handwritten charac-
ters and word, expatiates the process of pattern recognition, the format of image file, and de-
scribs the pattern recognition theory based on bitmap technology in detail, discusses the op-
timization of the classifier’s feature space design , the criteria of classifier, the basic meth-
ods and the knowledge of discriminant functions, gives a principle on using template
matching method to recognize image.

Keywords: Pattern Recognition; handwritten Character; Template Matching; Discriminant Function
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Research on Topic Distillation Algorithm
for Search Engine System

ZHENG Li-rong
(Guangdong Institute of Medical Information, Guangzhou 510180)

Abstract: Takes an own designed search engine system as background to study topic distillation algo-
rithm, through analyzing and combining with several classic topic distillation algorithms,
proposes a novel topic distillation algorithm. Experiments show that the algorithm is more
effective than HITS algorithm.

Keywords : Topic Distillation; Search Engine; Linkage Analysis
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